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ABSTRACT

Recently, artificial intelligence has been in the spotlight across various fields. Artificial intelligence uses massive
amounts of data to train machine learning models and performs various tasks using the trained models. For
model training, large, high-quality data sets are essential, and database systems have provided such data. Driven
by advances in artificial intelligence, attempts are being made to improve various components of database
systems using artificial intelligence. Replacing traditional complex algorithm-based database components with
their artificial-intelligence-based counterparts can lead to substantial savings of resources and computation
time, thereby improving the system performance and efficiency. We analyze trends in the application of artificial

intelligence to database systems.
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SQL Query

SELECT MIN(mc.note) AS production_note,
MIN(ttitle) AS movie.title,
MIN(t.production_year) AS movie_year

FROM company_type AS ct,

Info_type AS

Predicate
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c_age c.region

cid cage c_region 80 EU

1 80 EU 70 EU

5 70 EU 80 ASIA

3 60 ASTA 20 U,

4 20 EU

298 20 ASIA 20 ASTA
998 25 EU 25 EU

999 30 ASIA 30 ASIA
1000 70 ASIA 70 ASIA

(a) Example Table (b) Learning with Row/Col-

umn Clustering
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(¢) Resulting SPN (d) Probability of European

Customers younger than 30
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Convolutional Neural Network
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Relational Sum Product Network
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